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ABSTRACT 

In the contemporary Kenyan higher education landscape, institutions are increasingly challenged by 

technological shifts and the implementation of the 2025 New Funding Model. These pressures necessitate a 

strategic shift toward organizational ambidexterity as the ability to balance operational efficiency with 

innovative exploration. The study examined the relationship between structural ambidexterity (SA) and 

institutional performance in chartered private universities in Kenya, while assessing the moderating role of 

dynamic capabilities (DC). Grounded in the Resource-Based View (RBV) and Dynamic Capabilities Theory 

(DCT), the research employed a cross-sectional survey design. Data were collected from 195 senior management 

respondents across 27 chartered private universities. The analysis utilized partial least squares structural equation 

modeling (PLS-SEM) via Advanced Analysis of Network Composites (ADANCO 2.3.2) software. SA was 

modeled as a higher-order formative composite, and moderation was tested using the product indicator approach. 

The results indicated a significant positive relationship between SA and perceived institutional performance (p 

< 0.001), supporting H1. Moreover, DC significantly moderated the relationship between SA and perceived 

performance (p < 0.001) of private universities, supporting H2. The moderation effect demonstrated a significant 

medium effect size (f² = 0.1926), indicating that the interaction term contributed meaningfully to performance 

over and above the direct effects of the predictor variables. The moderated model explains 29.21% of perceived 

university performance. It is concluded that, balancing exploration and exploitation, supported by strong DC, 

appears essential for enhancing performance in Kenyan chartered private universities. Accordingly, university 

governing boards should strengthen DC among senior management and adopt structural designs that support 

innovation alongside traditional academic functions, while policymakers create a regulatory environment that 

promotes institutional agility and diversification. 

Keywords: Structural ambidexterity, Dynamic Capabilities, Institutional Performance, PLS-SEM, Private 

Universities 

INTRODUCTION 

Ambidexterity refers to an organization's ability to be equally proficient at two different, and often conflicting, 

activities: of Exploitation and Exploration(Alshaketheep et al., 2026). Exploitation is about the baseline activities 

of an institution in an efficient way. It focuses on refinement, efficiency, implementation, and execution. It targets 

short-term profits and stability. It includes normal activities such as improving its current revenue collection 

system. However, the Exploration (Innovation) pillar is about doing something new. It focuses on search, 

variation, risk-taking, and discovery. It targets long-term survival and growth(Ghina et al., 2025) (e.g., 

researching and piloting a completely new digital economy framework). That means, an ambidextrous university 
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explores and exploits technologies and markets efficiently, developing new competencies in conjunction with 

existing ones.  

Empirically, the strategic importance of organizational ambidexterity as a driver of institutional performance is 

well-documented in contemporary management literature. Meta-analytic evidence confirms a positive and 

significant relationship between ambidextrous configurations and overall performance across diverse 

organizational settings(Junni et al., 2013). Within the specific context of higher education, this capability allows 

entrepreneurial universities to maintain a productive balance between research and teaching, directly enhancing 

their competitive standing(García-Hurtado et al., 2024). Furthermore, the application of ambidextrous strategies 

extends to institutional branding, where it has been shown to improve brand performance and foster deeper 

stakeholder commitment(García-Hurtado et al., 2024).  Collectively, these studies suggest that the ability to 

simultaneously pursue exploration and exploitation is a fundamental requirement for universities seeking to 

thrive in increasingly complex environments. 

Theoretically, ambidexterity functions as a high-level DC that enables institutions to navigate the tension 

between resource exploitation and market exploration. By balancing the optimization of current revenue streams 

with the pursuit of entrepreneurial opportunities, organizations avoid the stagnation of a success trap. This dual-

processing capacity allows for the continuous refinement of core competencies while simultaneously fostering 

innovation and venture growth. Consequently, ambidextrous institutions achieve superior performance by 

maintaining operational stability while proactively capturing first-mover advantages in a volatile educational 

landscape trap (O’Reilly & Tushman, 2004). 

In times of rapid change, a structural approach is preferred and within SA, the balance between exploration and 

exploitation is achieved through directing simultaneous efforts towards both areas (Clauss et al., 2021). 

Moreover, within SA, institution creates separate units or teams dedicated to exploration (innovation) and 

exploitation (efficiency). These units operate independently yet align toward shared goals. This separation allows 

universities to explore new academic and administrative practices while maintaining operational excellence. 

This allows the different business units to adopt different strategies and structures to appropriately fit the business 

unit focus on either exploration or exploitation (Weiss & Kanbach, 2022). Clauss et al., (2021) points out that 

firms create dual structures that separate the contradictious tasks and functions within one organization. This 

structural separation creates the necessary flexibility to react to the conflicting task environments and creates 

ownership of the individual tasks (Schulze & Pinkow, 2020). SA, where organizations create separate units for 

exploration and exploitation, has proven effective in managing the distinct processes required for innovation and 

efficiency. 

In the field of strategic management, dynamic capabilities represent an organization’s ability to purposefully 

adapt its resource base to respond to rapidly changing environments(Mele et al., 2024). While ordinary 

capabilities allow a firm to produce a product or provide a service, DC are the higher-level functions that allow 

the organization to change how it makes a living(Ghina et al., 2025). DC, essential for adaptation, allow these 

universities to embrace digital technologies and innovative pedagogical approaches. Performance metrics in this 

context include not only student enrollment and academic quality but also community engagement, social 

impact, and responsiveness to local challenges, emphasizing the need for a balance between innovation and core 

educational values. 

In the face of technological shifts, the 2026 New Funding Model, and rising enrollment, universities are moving 

beyond traditional management to embrace SA(Kolster, 2021). These institutions aim to remain competitive as 

they balance operational efficiency (exploitation) with innovation in digital pedagogy and diverse revenue 

streams (exploration). Success now hinges on DC integrating market-oriented programs, industry partnerships, 

and AI adoption to improve graduate outcomes while navigating a student-centered funding landscape prone to 

tuition arrears and infrastructure strain(Jurksiene & Pundziene, 2016; Kolster, 2021). It should also be noted 

that, SA is widely regarded as the most practical and very promising form of creating an ambidextrous 

organization (Kafetzopoulos, 2020).  While public discourse often focuses on the macro-economic crises of the 

sector, there is limited understanding of how internal organizational configurations allow some universities to 
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thrive while others face stagnation. This study has been conducted to examine the influence of SA and dynamic 

capabilities on the operational and strategic performance of chartered private universities in Kenya.  

This paper contributes to the dynamic capability and firm performance literature in several ways. First, it 

integrates SA into the conceptual framework to explore new insights into how SA fits within an organization’s 

dynamic capabilities and performance strategy. Second, it expands the current understanding of dynamic 

capabilities and SA and interrelates the different elements of dynamic capabilities (sensing, seizing and 

transforming capabilities) with SA and firm performance. Third, we connect the organizations transformation 

capability with their exploration and exploitation efforts. Fourth, we offer a conceptual model that visualizes the 

relationships between SA, firm performance, and the micro foundational activities of dynamic capabilities that 

underpin the organization’s strategy and process for securing a competitive advantage. The research also 

provides an empirical foundation for institutional leaders to navigate the complexities of the current educational 

landscape. 

THEORETICAL FRAMEWORK  

Resource-based view theory 

The Resource-Based View (RBV), introduced by Birger Wernerfelt (1984) and refined by Jay Barney (1991a), 

posits that a firm’s competitive advantage stems from its unique resources and capabilities, particularly those 

that are valuable, rare, inimitable, and non-substitutable (VRIN) (Purba et al., 2023). RBV emphasizes 

leveraging internal strengths to exploit existing opportunities and explore new ones (Philbin, 2012) . 

In the context of SA, RBV suggests that, chartered private universities in Kenya can strategically allocate 

resources to simultaneously pursue exploration developing innovative programs aligned with emerging trends 

and exploitation refining and enhancing existing academic offerings(Mbithi, 2024). Unique resources such as 

faculty expertise, curriculum strengths, and alumni networks can be reconfigured to support both dimensions, 

ensuring that universities remain agile while maintaining core competencies (Utkirov, 2024). Strategic 

partnerships, targeted faculty development, and investment in educational technologies further enable 

institutions to balance exploration and exploitation effectively, reinforcing sustained competitive advantage in 

the evolving Kenyan higher education sector (Philbin, 2012). 

Dynamic capabilities theory 

Dynamic Capabilities Theory (DCT), pioneered by Teece et al. (1991b), extends the Resource-Based View by 

arguing that competitive advantage stems not just from possessing resources, but from an organization’s ability 

to "integrate, build, and reconfigure" them in volatile environments. DCT is operationalized through three 

primary clusters: sensing environmental shifts, seizing opportunities through strategic investments, and 

transforming (reconfiguring) organizational structures to maintain alignment with market demands Wang (2007)  

In the context of Kenyan chartered private universities, DCT provides the theoretical lens to understand how 

institutions navigate the "success trap" of exploitation while pursuing exploratory innovation. While SA provides 

the formal framework for balancing these dualities, DC act as the catalytic mechanism that allows university 

leadership to act swiftly on identified opportunities (Leih & Teece, 2016). Specifically, high-order capabilities 

in sensing and reconfiguring ensure that the transition between exploration (e.g., AI-driven pedagogy) and 

exploitation (e.g., core program efficiency) is seamless, thereby moderating the impact of ambidextrous 

configurations on overall institutional performance (Sarta et al., 2021). 

Hypotheses Development 

Structural ambidexterity and Performance  

Structural ambidexterity balances exploration and exploitation through separate units to execute these conflicting 

innovation strategies (O’Reilly and Tushman, 2008; Raisch and Birkinshaw, 2008). SA consists of two 

organizational forms: spatial separation and parallel structures (Raisch et al., 2009). Most researchers view 
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spatial separation as the autonomous structural separation of units for exploitation and exploration, with an 

overarching vision to enable exploration and exploitation, whereby the internal resources are leveraged to 

support both units and create synergies (Jansenetal.,2009; O’Reilly et al., 2009; Smith and Tushman, 2005). 

Within SA, also parallel structures have been studied in the functional domain of internationalization, alliancing, 

project teams or networks and mergers and acquisitions (e.g. Lavie et al., 2011; Lavie and Rosenkopf, 2006; 

Lucena and Roper, 2016; Raisch and Birkinshaw, 2008). 

Structural ambidexterity achieves balance between exploration and exploitation by creating separate, dedicated 

units for each activity, which operate independently but align toward shared organizational goals(Úbeda-García 

et al., 2020). This separation allows institutions to pursue innovative academic and administrative practices while 

maintaining operational efficiency, effectively managing the inherent tensions between exploration and 

exploitation.(Dranev et al., 2020). The organization of exploration and exploitation in two completely different 

and independent subunits, SA leads to an increased demand on top management skills, as the top management 

needs to internally align and coordinate the completely different subunits with their individual strategies, 

structures, competencies, cultures and systems in order to create ambidexterity for the firm.   

In universities, effective performance measurement systems have been implemented to monitor progress and 

outcomes. These systems are designed to support both innovative projects and ongoing operations, ensuring that 

performance metrics are regularly reviewed and updated to reflect current priorities and goals (Bibi et al., 2021). 

Zimmermann, Raisch and Birkinshaw2015), state that, strategic priorities are the resources allocated to support 

both exploration and exploitation efforts as well as the leadership commitment to properly balance these dual 

aims. Together with encouraging creativity and adaptability, these principles support the ongoing operations' 

efficiency. Firms create these dual structures to separate conflicting tasks and functions within one organization, 

providing the necessary flexibility to react to different task environments and creating ownership of individual 

tasks (Sarangee et al., 2022). This structural separation also necessitates increased top management skills to 

internally align and coordinate the completely different subunits with their individual strategies, structures, 

competencies, cultures, and systems in order to create ambidexterity for the firm (Úbeda-García et al., 2020) . 

Based on these insights, the following hypothesis is proposed:  

H1: Structural ambidexterity has positive influence on institutional performance of chartered private             

universities in Kenya. 

Dynamic Capabilities as a Moderator of Structural Ambidexterity and Performance  

Dynamic capabilities is about an organization’s ability to integrate, build, and reconfigure internal and external 

competencies to respond to rapidly changing environments(Heaton et al., 2023). They are widely recognized as 

shaping the effectiveness of organizational ambidexterity in influencing performance outcomes(Souza & 

Takahashi, 2019). The core components of DC of sensing, seizing, and transforming capabilities enable 

organizations to identify opportunities, mobilize resources, and adapt operational processes to sustain 

competitive advantage. Capabilities allow institutions to align faculty expertise, curriculum design, and 

administrative systems with emerging educational trends and policy changes. This in turn makes them escalate 

ambidexterity capabilities and their ability to innovate. It also makes them do their routine act ivities efficiently. 

these DC enable ambidextrous institutions to simultaneously innovate academic offerings while maintaining 

operational efficiency, improving both institutional performance and responsiveness to market demands(Ferreira 

et al., 2021). Empirical findings demonstrates that dynamic capabilities positively moderate the relationship 

between intellectual capital and organizational performance, suggesting that firms with stronger adaptive 

capabilities better leverage knowledge resources to enhance performance (Awwad, 2025). Similarly, DC 

significantly improved competitive advantage and firm performance through innovation, while organizational 

learning capability further strengthened these relationships.(Ferreira et al., 2021). According to Barreto (2010), 

the processes of dynamic capabilities are either directly linked to an organizational competitive advantage or 

indirectly, by altering the organization’s operational capabilities or altering its knowledge base, thus improving 

the organizations’ performance. However, it is less clear how these dynamic capabilities impact the 
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organization’s explorative or exploitative innovation strategy and competitive advantage through sensing, 

seizing and transforming capabilities. Thus, it is proposed in this study that:  

H2: Dynamic capabilities moderate the effect of SA on performance  

Figure 1: is the results visual diagram of analytic model. It shows how ambidexterity activities, supported by 

DC, are expected to influence the performance of chartered private universities in Kenya 

 

Figure 1: Conceptual framework  

METHODOLOGY 

Research Design  

A cross-sectional survey was used in this study because it described features of samples that differ on a key 

characteristic, measured at a single point in time(Harland & Heller, 2026; Maier et al., 2023).  In addition, the 

cross-sectional survey enables assessing relationships between variables and it provides opportunity to identify 

moderators between variables The approach is viewed as simple, practical and economical, provides results that 

are timely and overcomes the problem of loss of subjects due to attrition.(Hunziker & Blankenagel, 2024)  .  

Population of the study  

The study focused on 27 chartered private universities in Kenya, using a purposive sample of senior management 

respondents, including Registrars (Academic Affairs and Planning and Administration), Deans of Schools, and 

Directors of Quality Assurance, Research, and Extension. While the research is situated within an institutional 

context, the unit of analysis was set at the individual level to capture the nuanced perceptions of these key 

managers. This approach reflects the understanding that organizational phenomena are enacted through the 

strategic decisions and professional insights of senior leaders. In this context, the capacity to sense, seize, and 

transform institutional operations is contingent upon managers’ ability to navigate the tensions between 

exploration and exploitation effectively. Adopting a census approach, the study targeted all 27 chartered private 

universities in Kenya. A purposive cluster of nine key informants was identified per institution including 

Registrars, Deans, and Directors of Quality Assurance, Research, and Extension yielding a total respondent base 

of 243. 

Research Instrument 

The study utilized a structured questionnaire to collect primary data, employing validated scales from strategic 

management literature that were contextualized to align with the unique environment of chartered private 

universities in Kenya. The instrument was organized into distinct sections to capture the multidimensional nature 

of the variables, utilizing a 5-point Likert scale ranging from 1 (Strongly Disagree) to 5 (Strongly Agree). The 

study adopted the framework developed by Jansen(Jansen et al., 2006) to measure SA This instrument assesses 

the organization’s dual ability to pursue exploration and exploitation, with items such as: "Our department 

frequently updates existing curricula to improve current student learning outcomes" (exploitative focus) and 

Structural ambidexterity 

(SA)  

Dynamic capabilities 

(DC) 

Performance 
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"Our university frequently experiments with new, AI-driven pedagogical methods" (exploratory focus). The 

moderating variable, DC was operationalized using the Kump(Kump et al., 2019)scale, which captures 

institutional agility through sensing, seizing, and transforming. Representative items include: "We proactively 

scan the Kenyan education landscape to identify emerging student and industry needs" (sensing) and "The 

university effectively reconfigures its academic resources and personnel to remain competitive when external 

policies change" (transforming). Finally, Institutional Performance was assessed using the student completion 

rate, employee engagement and research output 

Data Analysis 

The study employed PLS-SEM  to test the hypothesized relationships, utilizing Advanced Analysis of Composite 

(ADANCO 2.3.2) software (Henseler, 2020). ADANCO is one of the PLS-SEM based tool that models construct 

as composites. It aligns with the theoretical conceptualization of SA as a strategic capability formed by the 

integration of its underlying dimensions. Furthermore, PLS-SEM provides a robust framework for testing 

complex moderation, allowing for the estimation of the interaction between ambidexterity and DC without the 

strict distributional assumptions of normality required by traditional regression techniques. In analyzing the data, 

the ADANCO proved a great utility for carrying out confirmatory composite analysis (CCA) an exceptional 

strength in modern PLS-SEM (Jhantasana, 2023). Equation 1 shows the mathematical formulation of the study. 

But, Figure 2 provides a visual representation of the study model and its associated hypotheses 

PERFORMANCE = β0 + β1(SA) + β2(DC) + β3(SA × DC) 

 

Figure 2: graphical representation of analytical regression model 

Measurement Model Assessment 

In this measurement stage, the measurement model is evaluated for reliability and validity of constructs and 

indicators. Next, thee model fit. 

 Construct Reliability is determined using Dijkstra-Henseler’s rho and Jöreskog’s composite reliability (rho) 

with both requiring a threshold above 0.70 to confirm internal consistency (Dijkstra & Henseler, 2015). 
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Convergent validity is established via the Average Variance Extracted (AVE ) which should be less than  0.50 

(Hair Jr et al., 2020). Finally, Discriminant validity is assessed using the HTMT ratio. All constructs should fall 

below the conservative threshold of 0.85, confirming that they capture distinct strategic phenomena(Henseler & 

Chin, 2010). These procedures were adhered to in this study.  

Structural Model Assessment  

In this second stage, the structural model is assessed using a non-parametric bootstrapping procedure with 

commonly recommended 5,000 sub-samples to determine the statistical significance of the hypothesized 

paths(Becker et al., 2023). Evaluation criteria include path coefficients (beta), t-statistics, p-values, and the 

coefficient of determination (R2).  

Additionally, in SEM, the effect of the exogenous construct is assessed using the Cohen’s(Cohen, 1988) effect 

size (f²). It provides a robust evaluation of the predictor’s contribution to the endogenous construct. The f² 

statistic measures the change in the coefficient of determination (R²) when a specific predictor is included versus 

excluded from the model (Samartha, 2020). In moderation analysis, this approach enables the assessment of the 

practical significance of the interaction term beyond statistical significance. The f² effect size is computed based 

on the change in R²; 

f2 =
R2included−R

2
excluded

1−R2included
                                         1 

In this analysis, the f² was computed by comparing the explained variance of the model with the interaction term 

to that of the model without the interaction term.  Table 1 is the interpretation criteria proposed by Cohen (Cohen, 

1988) 

Table 1: Effect size threshold 

f2 Value range  Effect Size Interpretation 

< 0.02 None The predictor has no practical predictive power for the 

endogenous construct. 

0.02 < f2 < 0.15 Small The predictor has a weak but statistically noticeable impact 

on the outcome. 

0.15 < f2 < 0.35 Medium The predictor has a moderate and significant practical 

impact on the outcome. 

f2> 0.35 Large The predictor has a dominant and substantial practical 

impact on the outcome. 

Source: Cohen(Cohen, 1988). Statistical Power Analysis for the Behavioral Sciences. Routledge. 

Modeling Strategy  

The choice of optimal order is critical and is sometimes not given adequate attention in SEM related. It is data-

driven and it has serious estimation consequences if not well addressed. Studies in model order explains that a 

higher-order model is only "optimal" if the first-order factors are highly correlated (usually > 0.70) and if the 

higher-order structure provides a more parsimonious explanation of the data (Koufteros et al., 2009). At this 

phase, we examined the Intercorrelations between the constructs first order constructs. Strong correlations 

among these constructs provide support for the formation of higher-order construct. Example, ambidexterity the 

first order latent factors are exploitation activities and exploration activities. The correlation between the primary 

exploitation and exploration guided the choice of the order of the constructs.  
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Furthermore, researchers distinguish between latent (reflective) and formative (emergent) constructs, as this is 

essential for construct validity. In reflective constructs, indicators reflect the underlying construct, whereas in 

formative constructs, indicators collectively form the construct (Finn & Wang, 2014; Freeze & Raschke, 2007). 

This distinction is important because ADANCO applies different estimation procedures: reflective constructs 

are modeled as common factors, while formative constructs are treated as composites (Venturini et al., 2023). 

This dual capability enables robust modeling of complex theoretical frameworks. 

In this study, the three constructs were modeled as a second-order formative construct composed first-order 

reflective dimensions and then second order formative indicators. SEM studies recommend that, each first-order 

construct be modeled as reflective multiple indicators, and then formative in the higher order. So, the study 

adopted the recommended reflective–formative hierarchical modeling approach in the construction of the 

analytic SEM model (Figure 3 and 4) 

RESULTS  

Preliminary analysis results 

At the initial stage of the analysis, data was coded and cleaned using IBM SPSS Statistics. Preliminary analyses 

were conducted to prepare the data for structural equation modeling (SEM). SPSS facilitated initial item 

refinement through Exploratory Factor Analysis (EFA) prior to conducting confirmatory analysis within the 

SEM framework. The data were subsequently evaluated using the intraclass correlation coefficient (ICC) to 

assess the level of agreement among respondents within universities and to determine the appropriate unit of 

analysis. As shown in Table 1, the ICC results were low (ICC (1) = 0.032; ICC (2) = 0.184), indicating limited 

agreement among respondents within universities. Consequently, the individual respondent was retained as the 

unit of analysis for SEM. Conducting these initial assessments, including the ICC, reflects a rigorous 

methodological approach aimed at avoiding potential analytical missteps. 

 Table 2: Interclass correlation results 

Model Type ICC F df1 df2 Sig. LCI UCI 

Two-Way Random Single Measures 0.032 1.15 26 168 0.152 -0.010 0.080 

Two-Way Random Average Measures 0.184 1.15 26 168 0.152 0.020 0.370 

Descriptive statistics  

Descriptive statistics of Respondents 

As reported in Table 3, a total of 195 respondents participated in the study out of the 243 targeted. The sample 

comprised more males than females, and the majority of participants were aged between 31 and 50 years. Most 

respondents held a master’s degree, while a smaller proportion had bachelor’s or doctoral qualifications. 

Experience levels varied, with over one-third of participants reporting more than ten years of service. The 

institutions represented ranged widely in size, with the largest groups drawn from medium-sized student 

populations. 

Table 3 : Descriptive results of respondents  

Category Sub-category  n Percent (%) 

Office Registrar Academics & Planning and Administration 48 88.9 

Dean of School 103 76.3 

http://www.rsisinternational.org/
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Quality Assurance Officer 24 88.9 

Director Research and Innovation 20 74.1 

Gender Male 116 59.5 

Female 79 40.5 

Age group 0-30 years 25 12.8 

31-50 years 132 67.7 

Above 50 years 38 19.5 

Education level Bachelor’s degree 23 11.8 

 Master’s degree 99 50.8 

 PhD 73 37.4 

Experience Less than 1 year 2 1.0 

1-3 years 29 14.9 

4-6 years 53 27.2 

7-10 years 44 22.6 

More than 10 years 67 34.4 

No. of Students  Less than 1000 10 5.1 

1000-4000  57 29.2 

4001-8000  56 28.7 

8001-12000  36 18.5 

12001-16000  27 13.8 

Above 16000  9 4.6 

Descriptive Results of Study Variables 

The mean and standard deviation provide an initial overview of the variables and are critical for understanding 

their distribution prior to modeling. Table 3 shows that respondents perceived the presence of SA (M = 3.86, SD 

= 0.84) and DC (M = 3.69, SD = 0.87) in their institutions as moderately high, whereas performance (M = 3.24, 

SD = 0.82) was perceived at a moderate level. This indicates that while institutions are generally seen to exhibit 

ambidextrous and DC, overall performance is viewed as less pronounced. 

Table 4: Descriptive results of study variables 

 Variables  Mean Std. Dev 

SA  3.86 0.838 
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Performance  3.24 0.818 

DC  3.69 0.874 

Modeling Strategies and Steps 

Evaluation of the Measurement Model 

In the measurement model stage, the primary purpose is to assess the reliability and validity of the constructs. 

Subsequently, model fit is evaluated to determine how well the data fit the proposed model.  

First, the focus is on the model reliability and validity. In this step, the measurement model has been evaluated 

through a series of tests to ensure the reliability and validity of the latent constructs and their associated 

indicators(Hair Jr et al., 2020) Figure 2 depicts the factor loadings of all indicators, while Table 5  presents the 

reliability and validity results. Construct reliability has been determined using Dijkstra-Henseler’s rho (ρA) and 

Jöreskog’s composite reliability (ρc), with all values exceeding the required 0.70 threshold. Convergent validity 

is established via the AVE, confirming that each construct explains at least 50% of the variance in its indicators 

(AVE > 0.50). Finally, discriminant validity is confirmed using the HTMT ratio, applying a conservative 

threshold of less than 0.85 to ensure that each construct is empirically distinct and captures a unique strategic 

phenomenon. 

 

 Figure 3: Assessment of the Measurement Model: Standardized Indicator Weights and Inter-Construct 

Correlations. 

Construct Reliability and Convergent Validity 

As shown in Table 5, all the constructs demonstrate strong internal consistency and reliability. Dijkstra-

Henseler’s rho (ρA) ranges from 0.7679 to 0.8926, which is well above the recommended threshold of 0.70. 

Similarly, Jöreskog's composite reliability (ρc) and Cronbach’s alpha values consistently exceed 0.75, further 

suggsting the reliability of the measurement scales. Convergent validity was assessed using the AVE. An AVE 

value of 0.50 or higher indicates adequate convergent validity. The results show that all constructs met the 

recommended threshold. These results suggest that the indicators explain more than 50% of the variance in their 

respective constructs, thereby establishing a robust foundation for the structural analysis. 

Table 5: Construct Reliability and Convergent Validity results 

Construct Dijkstra-Henseler’s  𝛒𝐀 Jöreskog's 𝛒𝐜 Cronbach’s α AVE 

Performance 0.8926 0.8923 0.8927 0.7343 

Ambidexterity 0.8600 0.8528 0.8524 0.6603 

http://www.rsisinternational.org/


INTERNATIONAL JOURNAL OF RESEARCH AND INNOVATION IN SOCIAL SCIENCE (IJRISS) 

ISSN No. 2454-6186 | DOI: 10.47772/IJRISS | Volume X Issue IV April 2026 
 

Page 5321 

www.rsisinternational.org 

  

  

 

DC 0.7679 0.7566 0.7535 0.5121 

Interaction 1.0000 1.0000 1.0000 1.0000 

Note: Interaction term results of 1.00 are expected as it is a single-item composite product. 

Discriminant validity has been evaluated using the HTMT ratio, where a value of less than 0.85 indicates that 

the constructs are empirically distinct. As shown in Table 6, the highest HTMT value is 0.4262 (between SA and 

Performance), which is well below the conservative threshold of 0.85.  

Table 6: Discriminant Validity 

Construct Performance Ambidexterity Dyn. Capability Interaction 

Performance —    

Ambidexterity 0.4262 —   

Dyn. Capability 0.4203 0.3883 —  

Interaction 0.2916 0.2820 0.1505 — 

Goodness of model fit 

Th second part of the model assessment is about the fit assessment which include the Standardized Root Mean 

Square Residual (SRMR) and exact fit tests based on squared Euclidean distance (dULS) and geodesic distance 

(dG), indicate a high degree of model adequacy. Specifically, the SRMR of 0.0348 falls well below the 

conservative 0.08 threshold recommended by Henseler et al. (2016). The reported values for dULS (0.0436 < 

HI95 = 0.0823) and dG (0.0121 < HI95 = 0.0174) demonstrate that the model-implied covariance matrix does 

not significantly deviate from the empirical data. Because all discrepancy values remain within the 95% and 

99% bootstrap CI, the null hypothesis of correct model specification has been supported. Collectively, these 

findings provide a robust foundation for the subsequent structural path analysis and hypothesis testing. 

Table 7: Goodness of model fit (saturated model) 

Fit type Value HI95 HI99 

SRMR 0.0348 0.0478 0.0636 

Euclidean distance (dULS) 0.0436 0.0823 0.1457 

Geodesic distance (dG) 0.0121 0.0174 0.0254 

Lastly on the measurement model evaluation, Table 8 presents the Variance Inflation Factor (VIF) values, which 

have been assessed to detect potential collinearity issues in the exogenous variables in the model. All reported 

VIF values range from 1.0000 to 1.1641, falling well below the conservative threshold of 3.3 (Hair et al., 2022). 

These results indicate that the indicators for SA, DC and Institutional Performance are conceptually distinct and 

do not suffer from multicollinearity. Consequently, the independence of the measurement items has been 

established, ensuring the statistical stability of the structural path estimates. 

Table 8: Indicator Multicollinearity 

Indicator Performance Ambidexterity Dynamic capabilities Interaction 

Exploration  1.0290   

http://www.rsisinternational.org/


INTERNATIONAL JOURNAL OF RESEARCH AND INNOVATION IN SOCIAL SCIENCE (IJRISS) 

ISSN No. 2454-6186 | DOI: 10.47772/IJRISS | Volume X Issue IV April 2026 
 

Page 5322 

www.rsisinternational.org 

  

  

 

Exploitation  1.0290   

Sensing   1.1641  

Transform   1.1393  

Seizing   1.0965  

CR 1.1455    

EE 1.1455    

Interaction score    1.0000 

With the measurement model having met most of the common required psychometric properties for reliability 

and validity, the analysis demonstrates a high degree of fit between the empirical data and the theoretical 

constructs. The next step tests the structural model to evaluate hypotheses and the moderating effect of DC in 

Kenyan chartered private universities. 

Structural model analysis  

Figure 2 illustrates the measurement model, where the indicator weights have been evaluated to determine the 

specific contribution of each indicator to its respective construct. The interaction term is introduced as a product 

of DC and ambidexterity scores. The moderation test is implemented via the two- stage approach because, 

simulation studies have shown that two-stage approach excels in terms of parameter recovery and statistical 

power (e.g., (Becker et al., 2018), (Henseler & Chin, 2010). 

 

Figure 4: PLS-SEM structural model results for the moderating effect of DC on SA and performance nexus.CR: 

completion Rate, EE: Employee Engagement 

Table 9 presents the original as well as the bootstrap results for the standardized regression coefficient of the 

structural paths used to test the study hypotheses. The results indicate that SA has a positive and statistically 

significant relationship with perceived institutional performance (β = 0.164, p < 0.001, CI: 0.1083-0.2511), thus 

supporting hypothesis H1. This suggests that respondents who reported higher levels of SA also reported higher 

levels of institutional performance. Most notably, the results support hypothesis H2, which proposed a 

moderating role of DC in the relationship between SA and performance. As shown, the interaction (SA*DC) is 

positive and statistically significant (β = 0.387, p <.001, CI: 0.2886 0.4118). This indicates that respondents 
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reporting higher levels of DC also reported a stronger relationship between SA and perceived institutional 

performance.  

Regarding effect size, the interaction term yielded f² = 0.1926, which according to Cohen criteria, it is medium 

effect. This effect size results together with the significance results, implies that the moderator would account 

for a significant higher variance in perceived institutional performance over and above the direct effects of the 

predictor variables. According to Cohen Thus, the f² value of 0.1926 reflects that the DC is associated with 

enhanced model’s explanatory power. 

The findings suggest that the joint presence of ambidextrous structures and DC, as perceived by respondents, 

provides a stronger explanation for variations in performance than either construct considered independently. 

The moderated model accounts for 29,2% variance in perceived university performance. 

Table 9: Hypothesis test results 

Paths effect  Standard bootstrap results 

Original β Mean β SE t p LCI UCI  f2 

SA  PERFROMANCE 0.164 0.164 0.0312 6.1003 0.0000 0.1083 0.2511 0.0240 

DC  PERFROMANCE 0.106 0.106 0.0309 3.4410 0.0006 0.0364 0.1747 0.0445 

SA*DC  

PERFROMANCE 

0.383 0.387 0.0256 14.5518 0.0000 0.2886 0.4118 0.1926 

NOTE: LCI; lower Confidence Interval, UCI: Upper Confidence Interval, SE: Standard Error 

Figure 5: shows the moderation plots results for probing the moderation effect visually. Moderation is said to 

occur when the plots are not parallel. As shown in the results, the plots are not parallel.  This non-parallel pattern 

provides visual evidence of a moderation effect, suggesting that the strength of the primary relationship is 

contingent upon respondents’ reported levels of DC. 

 

Figure 5; Moderation analysis plot 

2.8077

3.1923

2.5777

3.7623

Low Ambidexitirity High ambidexitirity
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DISCUSSION   

The findings of this study reveal that SA is positively and significantly associated with perceived performance 

in Kenyan chartered private universities, suggesting that respondents reporting higher levels of exploration and 

exploitation also reported better performance outcomes. Most notably, the interaction between ambidexterity 

and DC demonstrated a significant moderating effect, indicating that respondents reporting higher levels of DC 

also reported a stronger relationship between SA and performance. This finding suggests that the perceived 

performance benefits associated with SA are greater when supported by stronger adaptive and integrative 

capacities. All the research hypotheses were supported. 

From a theoretical perspective, this study contributes to the scholarship in strategic management by providing 

empirical evidence linking SA, DC, and perceived organizational performance in higher education, an area that 

has received limited attention in emerging economies. By demonstrating the moderating role of DC, the study 

extends ambidexterity theory by suggesting that the relationship between SA and performance varies across 

different levels of adaptive and integrative capacities. Scholars can build upon this model to investigate similar 

mechanisms in other sectors or regions, thereby enriching the literature on innovation management and strategic 

entrepreneurship. 

In practical terms, the results offer insights for policymakers and university leaders. The findings suggest the 

potential value of investing in initiatives that strengthen DC, such as faculty development programs, resource 

mobilization strategies, and organizational routines that support both exploration and exploitation. Policies that 

encourage adaptive capacity, timely resource allocation, and strategic agility may be associated with improved 

performance outcomes. For academia, these findings provide a framework to assess and benchmark innovation 

strategies, guiding evidence-informed decision-making in curriculum design, research initiatives, and 

operational excellence. 

Methodologically, this study stands out for its use of advanced PLS-SEM, incorporating exact fit criteria, 

bootstrapped confidence intervals, and interaction analysis. This approach allows for the simultaneous 

estimation of latent constructs and their indicators, offering a nuanced understanding of complex relationships. 

The model captures both statistical significance and practical relevance through effect size measures, ensuring 

that the findings are robust and substantively meaningful. By applying this analytical framework in a higher 

education context, the study demonstrates the value of rigorous approaches for exploring innovation and 

performance dynamics. 

While this study provides a robust foundation using PLS-SEM via ADANCO, it is limited by its cross-sectional 

design, which restricts the ability for causal inference and to infer temporal relationships among the variables. 

Future research should consider longitudinal approaches to examine how the relationship between SA and 

perceived performance evolves as even the New Funding Model matures. Additionally, further studies could also 

seek to explain in more depth how sensing, seizing and transforming capabilities influence an organization’s 

sustainable competitive advantage. Additional in-depth research could reveal how top management implements 

these sensing, seizing and transformation capabilities in practice, and how these combined capabilities strengthen 

the organization’s strategic management. 

CONCLUSION 

Structural ambidexterity was found to be positively and significantly associated with perceived institutional 

performance. Respondents reporting higher levels of structural arrangements that support both innovative 

exploration and operational efficiency also reported better strategic outcomes. This suggests that, within Kenyan 

private universities, balancing stability and change may be linked to improved performance perceptions. 

Dynamic Capabilities demonstrated an important positive moderation effect of the relation of SA on 

performance. Respondents who reported stronger sensing, seizing, and transforming capacities also reported a 

stronger association between SA and performance. This indicates that adaptive leadership capabilities may 
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reinforce the perceived benefits of ambidextrous configurations, particularly in the context of the 2025 New 

Funding Model and the shift toward digital pedagogy. 

Based on these findings, it is important that university governing boards consider strengthening DC among 

senior management. Practically, universities may benefit from exploring structural designs that allow innovation-

oriented units to operate alongside traditional academic functions. For policymakers and the Ministry of 

Education, the results highlight the potential value of a regulatory environment that supports institutional agility, 

enabling universities to diversify revenue streams and adopt emerging pedagogical approaches while 

maintaining core educational standards. 

This research contributes to the growing body of literature by interrelating SA with DC and firm performance in 

a conceptual mode The study concludes that, DC are a fundamental concept, and that this concept acknowledges 

that SA is an integrated process that enables chartered private universities in Kenya to adapt to dynamic 

environments.  

The study experienced some limitations. For example, the nuances and similarities within the literature, together 

with the elements that make up the three perspectives, all reflect the complex and challenging task of interrelating 

perspectives. Another limiting factor was the lack of articles that evaluate the interrelatedness between the 

theories of organizational SA, DC and firm performance. 
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